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Abstract:  

Mathematical modeling plays a pivotal role in understanding the complex 

interactions between organisms and their environment. In population ecology and 

evolutionary dynamics, mathematical models help to quantify population growth, 

species interactions, genetic variability, and the evolutionary pressures acting upon 

populations. This article explores various classes of mathematical models used in 

these fields, including deterministic, stochastic, and spatial models. We discuss 

foundational models such as the Lotka–Volterra equations, logistic growth, and 

replicator dynamics, as well as their modern extensions incorporating age-

structure, spatial heterogeneity, and evolutionary game theory. Through graphical 

representations and case studies, especially from South Asian ecosystems, we 

highlight the models' utility in predicting species persistence, evolutionary stable 

strategies, and biodiversity maintenance. Our synthesis underscores the importance 

of interdisciplinary integration between mathematics, ecology, and evolutionary 

biology for solving real-world biodiversity and conservation challenges. 
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INTRODUCTION             

 

Population ecology and evolutionary biology have long relied on empirical studies, but 

mathematical modeling has provided a crucial lens through which the dynamic nature of 

biological systems can be understood and predicted. The interplay of birth, death, competition, 

mutation, and selection necessitates the use of rigorous mathematical frameworks. In the context 

of Pakistani biodiversity hotspots, from the Indus basin to the mountainous northern territories, 

these models can be utilized to monitor endangered species, invasive species spread, and effects 

of climate change on evolutionary processes. 

 

ZONAL JOURNAL OF 

RESEARCHER’S INVENTORY 

VOLUME: 02 ISSUE: 06 (2022) 

P-ISSN: 3105-546X                 E-ISSN: 3105-5478 

https://zjri.online 

https://zjri.online/


MATHEMATICAL MODELS IN POPULATION ECOLOGY …….. 

 

 
283 

The earliest mathematical models like the Malthusian growth equation and Lotka–Volterra 

predator-prey systems offered simple yet profound insights into population behaviors. With 

advances in computational biology, current models now incorporate genetic drift, mutation-

selection balance, environmental stochasticity, and spatial structure, aiding in forecasting long-

term evolutionary trends. Such frameworks are indispensable in developing conservation 

strategies, optimizing harvest regimes, and managing ecosystems under anthropogenic pressures. 

2. Classical Models in Population Ecology 

Classical models form the foundational framework for understanding how populations grow and 

interact with each other and their environment. These models are typically deterministic and 

formulated using ordinary differential equations (ODEs), offering analytical insights into 

population behavior under idealized conditions. 

Malthusian Exponential Growth Model 

The simplest ecological model is the Malthusian or exponential growth model, which 

assumes unlimited resources. It is represented as: 

dNdt=rN\frac{dN}{dt} = rNdtdN=rN  

Where: 

NNN is the population size, 

rrr is the intrinsic rate of natural increase. 

This model predicts exponential growth when r>0r > 0r>0, indicating no environmental 

resistance. While oversimplified, it captures early-stage population expansion (e.g., bacteria in a 

nutrient-rich medium) [1]. 

Logistic Growth and Carrying Capacity 

To incorporate environmental limits, the logistic growth model was proposed: 

dNdt=rN(1−NK)\frac{dN}{dt} = rN\left(1 - \frac{N}{K}\right)dtdN=rN(1−KN)  

Where: 

KKK is the carrying capacity, the maximum sustainable population size. 

This sigmoidal (S-shaped) curve starts with near-exponential growth, slows as resources deplete, 

and stabilizes at KKK. It is widely used in fisheries and wildlife management, such as modeling 

the population recovery of the Indus River dolphin [2][3]. 

Lotka–Volterra Competition and Predator-Prey Models 
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The Lotka–Volterra competition model extends logistic growth to two competing species: 

dN1dt=r1N1(1−N1+α12N2K1),dN2dt=r2N2(1−N2+α21N1K2)\frac{dN_1}{dt} = r_1 N_1 

\left(1 - \frac{N_1 + \alpha_{12}N_2}{K_1} \right), \quad \frac{dN_2}{dt} = r_2 N_2 \left(1 - 

\frac{N_2 + \alpha_{21}N_1}{K_2} \right)dtdN1=r1N1(1−K1N1+α12N2),dtdN2=r2N2(1−K2

N2+α21N1)  

Here, α12\alpha_{12}α12 and α21\alpha_{21}α21 are competition coefficients. These models 

explore coexistence, competitive exclusion, and species dominance outcomes [4]. 

The predator-prey model is another classic, defined by: 

dNdt=rN−aNP,dPdt=baNP−dP\frac{dN}{dt} = rN - aNP, \quad \frac{dP}{dt} = baNP - dPdtdN

=rN−aNP,dtdP=baNP−dP  

Where: 

NNN is prey population, PPP is predator population, 

aaa is predation rate, bbb is conversion efficiency, and ddd is predator death rate. 

This model produces oscillatory dynamics, capturing cycles observed in natural predator-prey 

systems, such as lynx-hare populations [5]. 

Stability Analysis and Phase Portraits 

Stability analysis involves examining the equilibria of these models and their response to small 

perturbations. For instance, in the predator-prey model, the system exhibits a neutrally stable 

limit cycle around the coexistence equilibrium. 

Phase portraits graphically depict these dynamics in a state-space. For logistic growth, the phase 

line shows convergence to KKK. In predator-prey systems, phase planes reveal cyclical 

trajectories, where predator and prey densities oscillate out-of-phase [6 

These classical models, though idealized, form the basis for more complex ecological 

frameworks. They remain essential in ecological modeling due to their simplicity, analytical 

tractability, and ability to generate hypotheses for empirical validation. 

Stochastic and Age-Structured Models 

Biological populations are inherently subject to randomness and individual-level variation, both 

of which are inadequately captured by deterministic models. Stochastic and age-structured 

models address this limitation by incorporating probabilistic processes and demographic 

heterogeneity into population dynamics. These approaches are especially critical for modeling 

small populations or species with complex life histories—conditions commonly encountered in 

conservation biology and endangered species management. 
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Birth-Death Processes and Markov Chains 

Stochastic birth-death processes model population changes as a series of discrete events 

occurring probabilistically over time. The simplest model includes: 

P(N→N+1)=λN(birth)P(N→N−1)=μN(death)P(N \to N+1) = \lambda N \quad \text{(birth)} \\ 

P(N \to N-1) = \mu N \quad \text{(death)}P(N→N+1)=λN(birth)P(N→N−1)=μN(death)  

Where NNN is the current population size, λ\lambdaλ the per capita birth rate, and μ\muμ the per 

capita death rate. 

The dynamics of such systems can be captured using Markov chains, which describe transitions 

between population states. The master equation governs the evolution of the probability 

distribution over time. These models provide insights into: 

Extinction probabilities, even when the deterministic model predicts persistence. 

Time to extinction, crucial for assessing species viability under stochastic threats [1][2]. 

Leslie Matrix Models and Age-Specific Reproduction 

The Leslie matrix model is a structured population model that accounts for discrete age classes 

and age-specific fecundity and survival. It is represented as: 

nt+1=L⋅nt\mathbf{n}_{t+1} = \mathbf{L} \cdot \mathbf{n}_tnt+1=L⋅nt  

Where: 

nt\mathbf{n}_tnt is the population vector at time ttt, 

L\mathbf{L}L is the Leslie matrix containing fertility rates in the first row and survival 

probabilities on the sub-diagonal. 

This model reveals: 

The dominant eigenvalue as the long-term growth rate (λ\lambdaλ), 

The stable age distribution and reproductive value of each age class. 

Leslie matrices are particularly useful in managing species with distinct life stages, such as 

turtles, frogs, or fish (e.g., Tor putitora, the golden mahseer of Pakistan) [3][4]. 

Impacts of Demographic Stochasticity on Small Populations 

In small populations, random fluctuations in births and deaths—demographic stochasticity—

can have outsized effects. Key consequences include: 
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Increased extinction risk, especially when combined with environmental variability. 

Allee effects, where population decline accelerates due to reduced mating success or 

cooperative behaviors at low densities. 

Loss of genetic diversity, which reduces adaptive potential [5][6]. 

Simulations using stochastic differential equations (SDEs) or individual-based models (IBMs) 

help predict variability in outcomes and inform risk assessments for rare species. 

Applications in Endangered Species Recovery 

Stochastic and age-structured models are vital tools in the Population Viability Analysis (PVA) 

framework, used extensively in conservation. For example: 

Modeling Markhor (Capra falconeri) populations under different hunting pressures. 

Predicting reintroduction success of snow leopards in northern Pakistan using structured models. 

Informing captive breeding and release schedules using age-specific survival data for captive-

bred vultures [7][8][9]. 

3. Evolutionary Dynamics and Game Theory 

Evolutionary dynamics and game theory provide powerful mathematical tools to model how 

traits, strategies, and behaviors evolve over time within populations. Unlike classical population 

models that focus solely on birth and death rates, these frameworks incorporate frequency-

dependent selection, strategic interactions among individuals, and the evolutionary consequences 

of competition, cooperation, and conflict. Originating from the convergence of biology and 

economics, evolutionary game theory is now widely applied to understand microbial evolution, 

animal behavior, and even cancer dynamics. 

Replicator Dynamics and Evolutionarily Stable Strategies (ESS) 

Replicator dynamics describe how the frequency of strategies in a population changes over 

time based on relative fitness: 

dxidt=xi[fi(x)−fˉ(x)]\frac{dx_i}{dt} = x_i \left[ f_i(x) - \bar{f}(x) \right]dtdxi=xi[fi(x)−fˉ(x)]  

Where: 

xix_ixi is the frequency of strategy iii, 

fi(x)f_i(x)fi(x) is the fitness of strategy iii, 

fˉ(x)\bar{f}(x)fˉ(x) is the average population fitness. 
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The evolutionarily stable strategy (ESS) is a strategy that, when adopted by most of the 

population, cannot be invaded by any alternative mutant strategy. For instance, in animal 

contests over territory or mates, ESS can represent stable behavior patterns (e.g., aggression vs. 

retreat) [1][2]. 

Replicator dynamics have been used in modeling antibiotic resistance evolution, host-pathogen 

coevolution, and adaptive foraging strategies in species like snow leopards and markhors in 

northern Pakistan [3]. 

Hawk-Dove and Prisoner’s Dilemma in Ecological Contexts 

The Hawk-Dove game is a classic model of conflict between aggressive (Hawk) and passive 

(Dove) strategies over shared resources. The payoffs depend on costs of fighting and benefits of 

winning: 

Strategy Hawk Dove 

Hawk (V−C)/2(V-C)/2(V−C)/2 VVV 

Dove 000 V/2V/2V/2 

Where VVV = value of resource, CCC = cost of fighting. 

This model explains the evolution of mixed behavioral strategies in animal populations, such as 

resource-sharing among foraging birds or ritualistic combat in deer [4]. 

The Prisoner’s Dilemma models cooperation and defection between individuals. Despite mutual 

cooperation yielding the best collective outcome, natural selection may favor defection unless 

cooperation is reinforced by mechanisms like kin selection or spatial structure [5]. 

These models have ecological implications in species that exhibit social behaviors, such as 

cooperative breeding in wolves or group hunting in orcas, and symbiotic interactions in 

microbial ecosystems [6]. 

Mutation-Selection Balance in Dynamic Environments 

Evolution is shaped not only by natural selection but also by random mutations. In dynamic 

environments, mutation-selection models predict the equilibrium frequency of traits considering 

both forces: 

Δp=sp(1−p)−μp+ν(1−p)\Delta p = sp(1 - p) - \mu p + \nu (1 - p)Δp=sp(1−p)−μp+ν(1−p)  

Where: 

sss is the selection coefficient, 

μ\muμ and ν\nuν are mutation rates between two alleles. 
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This balance is critical in understanding: 

Maintenance of genetic polymorphism (e.g., antibiotic resistance genes), 

Adaptation to shifting environmental pressures such as pesticide use or climate variability, 

Bet-hedging strategies in fluctuating habitats [7][8]. 

In Pakistani agriculture, such models help predict resistance evolution in pest populations under 

rotating pesticide regimes and the genetic drift of crop pathogens [9]. 

Role of Game Theory in Microbial Competition and Animal Behavior 

Game theory extends beyond animals to microbes, where it explains toxin production, biofilm 

formation, and public goods dynamics. For instance: 

Bacteriocin production by E. coli represents a Hawk strategy against sensitive strains. 

Quorum sensing systems in Pseudomonas aeruginosa are modeled as cooperative dilemmas, 

where cheater strains may evolve to exploit signal-producers [10]. 

In animal behavior, game theory elucidates phenomena such as: 

Territoriality in birds (e.g., bulbuls), 

Mating system evolution (e.g., lekking in blackbucks), 

Alarm calling behavior in meerkats, modeled as a tradeoff between self-risk and group benefit 

[11–13]. 

These insights have been applied in wildlife conservation, behavioral ecology studies, and 

controlling microbial infections in Pakistan’s healthcare systems [14]. 

4 Spatial and Metapopulation Models 

Classical population models often treat space implicitly or ignore it altogether, yet spatial 

heterogeneity and movement are critical in real ecosystems. Spatial and metapopulation models 

address this by explicitly incorporating location, dispersal, and patch structure. These models 

help ecologists understand species persistence, invasion dynamics, pattern formation, and the 

impacts of habitat fragmentation—issues highly relevant to biodiversity conservation in 

ecologically diverse but increasingly fragmented regions like Pakistan. 

Reaction-Diffusion Equations and Turing Patterns 

Reaction-diffusion models describe how populations change over space and time due to local 

growth (reaction) and movement (diffusion): 



MATHEMATICAL MODELS IN POPULATION ECOLOGY …….. 

 

 
289 

∂u∂t=D∇2u+f(u)\frac{\partial u}{\partial t} = D \nabla^2 u + f(u)∂t∂u=D∇2u+f(u)  

Where: 

u(x,t)u(x,t)u(x,t) is the population density at position xxx and time ttt, 

DDD is the diffusion coefficient, 

f(u)f(u)f(u) represents local growth or interactions (e.g., logistic or predator-prey dynamics). 

These models can produce Turing patterns—spatial structures such as spots or stripes—even 

from homogeneous initial conditions. Turing patterns have been observed in animal coat patterns 

and vegetation distribution in arid landscapes [1][2]. 

In Pakistan’s arid Balochistan and Tharparkar regions, reaction-diffusion models have been used 

to simulate patchy vegetation and localized population persistence under water scarcity [3]. 

Metapopulation Dynamics and Habitat Fragmentation 

Metapopulation theory models species as sets of spatially separated populations ("patches") 

connected by dispersal. The classic Levins model is: 

dpdt=cp(1−p)−ep\frac{dp}{dt} = cp(1 - p) - epdtdp=cp(1−p)−ep  

Where: 

ppp is the fraction of occupied patches, 

ccc is the colonization rate, 

eee is the extinction rate. 

This model highlights a key concept: species can persist in fragmented habitats as long as 

colonization exceeds extinction. Extensions of this model incorporate patch quality, size, and 

landscape matrix structure [4]. 

In fragmented habitats of northern Pakistan, such as the Himalayan foothills and Murree forests, 

metapopulation models are employed to assess corridor needs and dispersal thresholds for 

species like the Himalayan monal, common leopard, and Kashmir musk deer [5][6]. 

Role of Connectivity in Population Persistence 

Connectivity among habitat patches is critical for gene flow, recolonization, and demographic 

rescue. Mathematical formulations of landscape connectivity include: 

Graph theory models (nodes = habitat patches; edges = dispersal paths), 
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Circuit theory (analogous to electrical resistance), 

Spatially explicit individual-based models (IBMs). 

Maintaining connectivity mitigates the effects of isolation, such as inbreeding depression or local 

extinction. For example, Indus River dolphins rely on seasonal flow regimes to navigate between 

habitat segments; dams and barrages fragment these populations, increasing their extinction risk 

[7][8]. 

Examples from Indus River Dolphin and Himalayan Fauna 

The Indus River dolphin (Platanista gangetica minor), one of the world’s most endangered 

freshwater cetaceans, exhibits classic metapopulation behavior. Habitat fragmentation due to 

irrigation infrastructure has led to isolated subpopulations between barrages. Mathematical 

modeling has: 

Quantified extinction risks under various flow and dam operation scenarios. 

Assessed the viability of engineered dispersal corridors or fish passages [9]. 

In the Himalayan region, species like the snow leopard, Himalayan ibex, and brown bear are 

increasingly restricted to isolated mountain pockets. Spatially explicit models based on GPS 

collar data and remote sensing help simulate: 

Movement corridors, 

Seasonal dispersal patterns, 

Landscape permeability for different species [10][11]. 

5 Applications in Conservation and Management 

Mathematical models in population ecology and evolutionary dynamics have matured into 

practical tools for conservation planning and ecosystem management. By translating biological 

complexities into quantitative frameworks, these models enable ecologists and policymakers to 

anticipate threats, evaluate management interventions, and design robust strategies to preserve 

biodiversity. Increasingly, these approaches are integrated with technologies like Geographic 

Information Systems (GIS), remote sensing, and artificial intelligence, especially in countries 

like Pakistan where environmental degradation and species loss are pressing concerns. 

Early Warning Signals of Population Collapse 

Complex ecological systems often undergo abrupt transitions or regime shifts (e.g., species 

extinction, desertification). Early warning signals (EWS), derived from dynamical systems 

theory, are mathematical indicators that precede such critical transitions. Common EWS include: 
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Increased variance in population density time series, 

Critical slowing down—longer recovery times after perturbation, 

Autocorrelation at lag-1. 

These phenomena are linked to the system approaching a bifurcation point [1][2]. 

In Pakistan, EWS techniques have been used to monitor populations of Chiltan ibex in 

Balochistan and Sindh wild goat in protected reserves, where habitat degradation and poaching 

pressure create extinction-prone conditions [3]. 

Invasive Species Modeling (e.g., Prosopis juliflora) 

Invasive alien species disrupt native biodiversity, alter ecosystem functions, and cause 

significant economic losses. Mathematical models, including logistic invasion fronts, reaction-

diffusion equations, and agent-based simulations, help predict: 

Invasion speed, 

Spread patterns across heterogeneous landscapes, 

Impacts on native species and habitats. 

A notable case in Pakistan is Prosopis juliflora, an aggressive woody plant introduced in Sindh 

and Balochistan for afforestation. Models incorporating seed dispersal kernels, climatic 

suitability, and competitive suppression of natives have been used to: 

Forecast invasion zones, 

Design mechanical and biological control strategies [4][5]. 

Mathematical Tools for Biodiversity Maintenance 

Mathematics supports biodiversity conservation through tools like: 

Optimal control theory: Determines best intervention strategies (e.g., culling, vaccination, 

reforestation) to meet conservation goals. 

Multi-species interaction networks: Assess stability and resilience in complex food webs. 

Population Viability Analysis (PVA): Combines demographic data and stochastic simulations to 

estimate extinction probabilities. 

PVA has guided conservation efforts for houbara bustards in Punjab and Asiatic black bears in 

Azad Jammu and Kashmir by identifying critical life stages, minimum viable population sizes, 

and suitable relocation zones [6][7]. 
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Integration with Geographic Information Systems (GIS) 

The fusion of mathematical models with GIS and remote sensing technologies enables spatially 

explicit conservation planning. Key applications include: 

Habitat suitability modeling using species distribution models (SDMs) and logistic regression, 

Corridor design through least-cost path and circuit theory analysis, 

Risk mapping for poaching, deforestation, and climate vulnerability. 

In Pakistan, GIS-based habitat models have been integrated with population data to: 

Map tiger and leopard habitats in northern forests, 

Identify migratory routes of birds in wetlands (e.g., Haleji and Kinjhar Lakes), 

Plan protected area networks under climate change scenarios [8][9][10]. 

Graphs and Charts 

 

• Figure 1: Logistic vs. Exponential Growth Curves 

Comparison of population size over time under different growth assumptions. 



MATHEMATICAL MODELS IN POPULATION ECOLOGY …….. 

 

 
293 

 

• Figure 2: Phase Diagram of Lotka–Volterra Predator-Prey System 

Visualization of oscillations and equilibrium points in predator-prey dynamics. 

 

• Figure 3: Replicator Dynamics in Hawk-Dove Game 

Change in strategy frequencies over time under selection pressure. 

 

• Figure 4: Spatial Pattern Formation in Reaction-Diffusion Model 

Simulation showing emergence of patches in population density. 
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• Figure 5: Bar Graph – Species Modeled Using Mathematical Frameworks in Pakistan 

(2000–2025) 

Summary of local ecological modeling studies and targeted species. 

Summary 

Mathematical models serve as indispensable tools in the analysis and prediction of ecological 

and evolutionary processes. From classical deterministic models to complex stochastic and 

spatial simulations, each framework offers unique insights into how populations grow, compete, 

adapt, and persist. Particularly in biodiversity-rich yet vulnerable regions like Pakistan, these 

models provide actionable data to inform conservation policies, understand climate impact, and 

anticipate ecological tipping points. As interdisciplinary collaboration continues to grow, so too 

will the sophistication and applicability of mathematical models in tackling the challenges of 

ecological and evolutionary dynamics. 
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